Poselets: Body Part Detectors Trained
Using 3D Human Pose Annotations
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Dataset

® Humans in 3D (H3D)

® 2480 annotations

® (1500 train / 500 test / 240 validate)
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Overview :Training
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Overview : Detection
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Annotations
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Annotations
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Annotations

Save | New Entry Oclo!oEntn[ Male Female @ Child Current Entry: 0
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® Live Demo
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Annotations : Skeleton

skeleton
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Annotations : Keypoints
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Annotations : Query

Friday, November 2, 12 12



Annotations : Query
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Annotations : Query
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Annotations : Query
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Distance Function

® Paper: computes a weighted sum of
Euclidean distances with additive penalty.

- ® Implementation: Procrustes distance plus
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Distance Function

Dproc(wha&) = ?1}?13% H‘/El Y (8R$2 me t)“
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Distance Function
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Distance Function

® |ive Demo: 2D Toy Example
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UpperClothes
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Segments :
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Segments : Faces
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Detection

Task

Time

Features

0.69s

Detect Poselets

0.56s




Example

Detection
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Detection :os
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*Inspect top hits
*Inspect bottom hits
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Detection : Best Votes
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Detection : Best Votes
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Detection : Best Votes
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Detection : Best Votes
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etection : YVorst Votes

0.016635 0.013653 0.011614
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Detection : YVorst Votes

0.016635 0.013653 0.011614 0.0009333
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Detection : YVorst Votes

0.016635 0.013653 0.011614
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Detection :VVorst Votes

0011614 0.0009333
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Detection : lests

® Some samples from PASCALVOC2007

® With varying degrees of occlusion
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Detection : lests
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Detection : lests
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Detection :
Comparison
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Detection :
Comparison
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Detection
Compar
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Detection :
Comparison
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Detection :
Comparison

® When both succeed, DPM seems to get
better bounding boxes.

~ ® The poselet algorithm always tries to get
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Detection : Occlusion
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Detection : Occlusion
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etection : Occlusion
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Detection : Occlusion
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Detection : Occlusion
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Detection : Occlusion

® DPM fails on all of these.

® Poselets do pretty poorly, but it st|II
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Conclusions

® Poselets are intuitive to find in an image.

® |f a body part is exposed, a poselet might
- match it.
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Conclusions

® Sometimes poselet activations can be
misleading.

® Sometimes, some poselets should have higher
- scores than others.
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