Model Based Learning in
continuous state spaces



A comparative study

Maze Navigation Task

 Random Updates

* Prioritized sweeping s

* Trajectory sampling
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Mountain car problem
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Model Based RL in continuous state
spaces
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Input Representation

Need to represent the T function

f(x,v) ->x f(x,v)->v for all actions
CMACS used to learn the function
Model Size = Resolution X Num of Layers

What makes a good model?



Choosing a model
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Model Early method
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