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In practical multi-agent systems, agents with different
characteristics may come and go. We investigate how to & =
coordinate such teams effectively.
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COaCh (OmniSCient VieW) Method Env. (n =5) Env. (n =6) Env. (varying n) f Q COde (pape )
L . Random Policy 6.9 10.4 2.3 N/A
- has omniscient view of the world Greedy Expert 1153 142.4 716 N/A
. . . REFIL 90.5+1.5 109.3+1.6 61.5+0.9 0
- broadcast strategies to agents once in a while A-QMIX 069+21 115121  662+16 0
A-QMIX (periodic) 93.1+20.4 104.2422.6 68.9+12.6 0.25
. . A-QMIX (full) 157.4+8.5 179.619.8 114.3+6.2 1
PIaye I'S (pa rtial VIEWS)Z COPA (8 = 0) 175.6£19  203.242.5 1249409  0.25
. . COPA (8 = 2) 174.4+1.7 200.3+1.6 122.8+1.5 0.18
- have pa rtial view of the world COPA (8 = 3) 168.8+£1.7  195.4+1.8 120.0£1.6 0.13 oy
. » . COPA (b =5 149.3+1. 174.7+1. 104.7+1. 0.08
- make decisions based on the most recent strategies i oaine aoeras  geaoe o0
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